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ABSTRACT A neural network of miulti layer perceptron type, leamed by error back - propagation learning rule,

15 generally used for the verification or clustering of similar tvpe ol patterns, When learning is completed, the network
has a constant value of output depending on a pattern,

This paper shows that the intensity of neuron's output can be controlled
atory interconnection coefficients or the hibitory one between newons in output layer and those in hidden layer.
i derived from the known values of the

by a function which intensifies the excit-
factor In the function to control the output
And also this paper shows that the amounr of an increased neuron’s output
in output laver by arbitary value of the facter s derived, For the
output of partially damaged newons are first managed and this

the value of

nerual network after learning is completed.

In this paper,

apphications, increased recognition performance of

a4 pattern that has distortion 1s introduced and the
paper shows that the reduced recognition performance can be yecovered,
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