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ABSTRACT In this paper. we discuss optical implementation of new optical adaptive pattern recognition systermn
based on single layer perceptron with learming capability and associative memorv maodel having error corrective capa
hility.

The single layer perceptron is optically implemented by using 2 D LCTV spatial light modulators through the non
linear quantization and polanzation encodig methods, and 2 D Hopfield associative memory is also implemented by
using multifocus holographic lens,

From some experimental results on classification of Arabic numbers into even & odd numbers, it s shown that the
proposed system can classify the patterns to the nght classes correctly even for the partial and erroneous input patt
erns.

Accordingly, the proposed optical adaptive pattern recogmition svstern can be suggested for practical application in
the fields of image processing and pattern recognition
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