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ABSTRACT

This paper presents rapid saturation of multilayer layer neural network in a presaturation state by using gradient changing and
a method which is appliable to nonlinear systems widely. The method proposed changes the gradient of neural active function
by using fuzzy theory which has merits of logic and inference. It is used experimentally in the proposed nonlinear dynamic sys-
tem by computer simulation and the results are considered.
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Table. 5-1 Fuzzy rule base

Z0 PS PM PB PV
NB PV PV PB PM PM
NS PB PB PM PS PS
Z0 PM PS PS Z0 Z0
PS PB PB PM PS PS
PB PV PV PB PM PM
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Fig. 6-4 plant output and error response e(k) of existing
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