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ABSTRACT

The studies of document recognition have been focused mainly on Korean documents. But most of documents
composed of Korean and other characters. So, in this paper, we propose the document recognition system that can
recognize the multi-size, multi font and mixed type characters. We have utilized a large scale network model,
“CombNET” which consists of a 4 layered network with a comb structure. And we propose recognition method
that can recognize characters without discrimination of character type. The first layer constitutes a Kohonen’s

SOFM network which quantizes an input feature vector space into several sub-spaces and the following 2-4 layers
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constitutes BP network modules which classify input data in each sub-space into specified catagories. An exper-

imental result demonstrated the usefulness of this approach with the recognition rates of 95.6% for the training

data. For the mixed type character documents we obtained the recognition rates of 92.6% and recognition speed of

10.3 characters per second.
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90| 1591 359) | 52290 | 10291 | 2029) 3059 4059 o) B WE g 75l B TS ATk H 40 M9t
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Table 6. An example of character recognition error
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