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The Enhancement of Learning Algorithm of Kohonen Neural Networks
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ABSTRACT

Learning procedure in the neural network is updating of weights between neurons. Unadequate initial learning
coefficient causes excessive iterations of learning process or incorrect learning results. Not only supervised learning
neural networks but also Kohonen neural networks to used the pattern classification under the influence by learn-
ing parameter. In this paper, adaptive learning algorithm is proposed to increase the efficient. The algorithm updates
the weights adaptively when learning procedure runs. To prove the efficiency the algorithm is experimented to
classification of strokes which is basic primitives hand-written korean character. The result shows improved leamn-

ing rate about 20~30% ; less iteration counts with correct answer.
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Fig. 1 The structure of Kohonen neural networks
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