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Organ Recognition in Ultrasound images
Using Log Power Spectrum

Su-Jin Park*, Jae-Gon Son**, and Nam-Chul Kim*** Regular Members
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. ABSTRACT

In this paper, we propose an algorithm for organ rtecognition in ultrasound images using log-power spectrum.
The main provedure of the algorithm comsists of feature extraction and feature classification. In the feature
extraction, as a translation invariant feature, log power :,pectrum is used for exiracting the information on echo
of the organs tissue from a prep;ocessed input image. In the feature classification, Mahalanobis distance is used
as a measure of the similérity between the feature of an input image and the representative feature of each class,
Experimental results for real uvltrasound images show that the pfoposed algorithm  yields the improvement of
maximum 30% recognition rate than the recognition algorithm using power specttum and Euclidean distance, and
resulis ‘in better recognition rate of 10-40% than the recognition algorithm using weighted quefrency complex

cepstrutm.
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