DEri=

== 08-33-2-05 B=-EA1813]=14] 082 Vol. 33 No. 2

A58 FIEYA A2AE 93
=7 S A2 28 Fute)] 3 AT

L B B |
2 o] T g, Ay A 3] A

A Study on a Speak-Independent Continuous Speech Recognition
System for Intelligent Home Network System
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ABSTRACT

This study aims to develop a continuous speaker-independent speech recognition system for the speech
control of intelligent home-network. This study suggests a conversational scenario of continuous natural
vocabulary based upon keywords for recognition on natural speech command, and a way of optimizing the

recognition system by constructing a recognition system and database based upon keywords.
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