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Vehicle Recognition using NMF in Urban Scene

Jac Min Ban®, Byeong-rae Lee’, Hyunchul Kang
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ABSTRACT

The vehicle recognition consists of two steps; the vehicle region detection step and the vehicle identification
step based on the feature extracted from the detected region. Features using linear transformations have the
effect of dimension reduction as well as represent statistical characteristics, and show the robustness in
translation and rotation of objects. Among the linear transformations, the NMF(Non-negative Matrix
Factorization) is one of part-based representation. Therefore, we can extract NMF features with sparsity and
improve the vehicle recognition rate by the representation of local features of a car as a basis vector. In this
paper, we propose a feature extraction using NMF suitable for the vehicle recognition, and verify the
recognition rate with it. Also, we compared the vehicle recognition rate for the occluded area using the
SNMF(sparse NMF) which has basis vectors with constraint and LVQ2 neural network. We showed that the

feature through the proposed NMF is robust in the urban scene where occlusions are frequently occur.
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Fig. 2. Overview of proposed vehicle recognition system
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Table 2. The vehicle recognition rate in the urban scene
Feature Basis Recognition
Rate(%)

Haar+Adaboost 81.6

PCA 100 74.2

50 71.8

NMF 100 87.5

200 69.3

50 71.4

SNMF+LVQ 100 85.7

200 86.1
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Fig. 11. The vehicle recognition rate about occluded
region
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