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ABSTRACT

In this paper, we propose a novel spectrum sensing scheme based on the order statistic for cooperative
cognitive radio network in non-Gaussian noise environments. Specifically, we model the ambient noise as the
bivariate isotropic symmetric a-stable random variable, and then, propose a cooperative spectrum sensing scheme
based on the order of observations and the generalized likelihood ratio test. From numerical results, it is
confirmed that the proposed scheme offers a substantial performance improvement over the conventional scheme

in non-Gaussian noise environments.
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