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A Study on the Object Extraction and Tracking System for
Intelligent Surveillance
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ABSTRACT

The agents for security surveillance are not enough for monitoring CCTV system, so the intelligent automatic
surveillance system is needed. In this paper, object detection, tracking and abnormal event detection system is
implemented for intelligent CCTV system. Each modules are tested on the real CCTV environment and promoted
for commercialization. Abnormal event detection module and loitering detection and sudden running detection

function and it’s detection time is under 1 second which is satisfied level.
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