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Training Method of Deep Learning-Based Decoder
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ABSTRACT

Recently, various decoders with deep learning structures for linear codes have been proposed, and a decoder
with feedforward neural network structure for polar codes has been shown to be near-optimal performance when
sufficiently learned. However, in the previous research, performance was evaluated by only mother code without
considering puncturing scheme for length-compatibility of polar codes. Therefore, in this paper, we show the
performance of existing neural network decoder for punctured polar codes and propose a training method to

efficiently learn punctured polar codes.
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neural network based polar decoder
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