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ABSTRACT

Nearest neighbor Kalman filter (NNKF) and probabilistic data association (PDAF) target tracking techniques
are often used to track targets in under water. However, these algorithms have a problem of finding the
optimum parameters for the Kalman filter according to the underwater environment. In this paper, we propose a
target tracking algorithm based on data association technique using artificial neural network to solve this problem.
Through computer simulations, we compared the target tracking performance of the proposed algorithm with the
NNKF and PDAF algorithms.
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