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ABSTRACT

Speech recognition has significantly improved performance through the application of deep learning
technology and the emergence of cloud computing. The improved speech recognition has been applied in
various fields such as vehicles, robot, healthcare, and call center. This paper compares the performance of
continuous Korean speech recognition by application field for the cloud-based speech recognition Open API.
The experiment was conducted with 7 domestic and foreign cloud companies. Korean continuous speech data
was used by news data from three domestic broadcasters. The collection methods were divided into a total of
10 fields and collected 15 sentences by sector, a total of 150 sentences. As a result of the experiment, the

overall speech recognition accuracy by field was the highest in Kakao and the lowest in IBM. By field,

* First Author : Graduate School of IT Policy and Management, Soongsil University, callnet0@daum.net, %3]<1
Corresponding Author : Soongsil University, gygim@ssu.ac.kr, %3]
Graduate School of IT Policy and Management, Soongsil University, beauhwal @naver.com
** WAREBIZ Co., Ltd., highroad @ warebiz.co.kr
=& 0 202007-154-0-SE, Received July 11, 2020; Revised August 20, 2020; Accepted August 24, 2020

*

1793

www.dbpia.co.kr



The Journal of Korean Institute of Communications and Information Sciences "20-10 Vol.45 No.10

Kakao showed good performance in 6 fields, Amazon and Microsoft in 2 fields, and ETRI in 1 field. As a

result of the experiment, it was confirmed that the speech recognition engine supported by the cloud

computing company exhibits excellent performance in a specific field. This study is hoped to contribute to

improving the performance of speech recognition engines for companies that support cloud-based speech

recognition open APIs. In addition, for speech recognition developers, it is expected that it will help to select

the most suitable voice recognition open API for the application field in developing an applied voice

recognition system.
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E 5. FopH 54914 Open API AFE v

Table 5. Comparison of speech recognition Open API accuracy by Field

T Google Amazon IBM MS Naver Kakao ETRI Al
3} 82.14 88.84 74.11 92.86 87.50 98.21 87.95 87.37
73 A 75.00 91.67 85.09 92.98 92.11 89.47 92.98 88.47
gt 69.57 94.35 72.61 93.48 93.48 95.65 91.74 87.27
D=3 85.91 85.91 68.18 92.27 82.27 90.45 86.82 84.55
Sk 75.90 94.38 76.31 93.57 88.35 96.79 90.36 87.95
2] 78.01 94.61 78.84 93.78 90.04 98.34 94.61 89.75
w}s} 75.23 90.83 61.01 87.61 82.57 89.45 88.53 82.18
A3 80.34 93.59 69.66 90.17 78.21 92.74 89.74 84.92
B3 69.31 86.24 49.21 83.60 75.66 94.18 88.36 78.08
el 74.70 90.96 68.67 90.36 87.95 93.98 90.96 85.37
A 76.76 91.31 70.94 91.27 85.99 94.00 90.27 85.79

o] AA 444 AoEE 7Eet 94.00% 714 V.3 E

k31, IBMo] 70.94%E 71 Ygich Fopdgl
Table 54 ¢} o] 3} ok 71727t 98.21%,
734 H-ol= ETRI, Microsoft7} 92.98%, -gAF Hof
E 7BkeIt 95.65%, <E Fol= Microsoft7}
92.27%, =} FolF= 717197} 96.79%, ] Fok=
7171271 98.34%, & Eok= Amazon©] 90.83%,
A13] Hol= Amazon©] 93.59%, 2~¥E=2 Hol= 717}
27} 94.18%, X Fol= 719197} 93.98% 2 T2
A5S Hdt) T2]a Table 694 Hopd AFg] ¢
Age HAEE wH, 18 7Tt 67 ol
ETRI:= 17 o}, Microsoft 271 #-°f, Amazon=
27N ool F2 Hes Holok

=0o
K3

B =rolde F=E 7Hke] 344914] Open
API®] Fopd g57o] d%-g44] Hehwg vas}
ek AF ks 727 3elxs} o] Ropd T gl
o] AA 2582 Kakao?} 7H F& %8 Bl
™, 71 5 Amazone| 2 AeS B3irh IBM2
7 e g Rtk a7 el Bl Hopd
Aol AR, o7, 3l Als] HopE A9lslas
Kakao”} Hofol|A] E2 A%5-S Byl ETRIE=
734 FopollA, Microsoft= 734, 28 HofollA],
Amazone #H3} olet A8 Rolld] F g

B3ek. Kakao?h Hobd £5 Yahmsla 714

=
v‘—UL

O A~
T

E 6. FoPd A9 -9 54914 Open API H|2L
Table 6. Comparison of top-ranking speech recognition Open API by field
5 o} 1% 29] -
714 Accuracy 714 Accuracy

3} Kakao 98.21 MS 92.86 87.37
737 ETRILMS 92.98 88.47
HEAb Kakao 95.65 Amazon 94.35 87.27
L=IR=3 MS 92.27 Kakao 90.45 84.55
=} Kakao 96.79 Amazon 94.38 87.95
A2 Kakao 98.34 Amazon 94.61 89.75
et Amazon 90.83 Kakao 89.45 82.18
A13] Amazon 93.59 Kakao 92.74 84.92
Eat Kakao 94.18 ETRI 88.36 78.08
il Kakao 93.98 Amazon 90.96 85.37
ok Kakao 94.00 Amazon 91.31 85.79
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