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ABSTRACT

In uplink multicell networks, the fractional power
control (FPC) is a key feature of uplink operations
and the FPC operation has to be considered in
conjunction with the base station distribution and
wireless channel for the wuplink system level
performance evaluation. Hence, this paper proposes
the machine learning based performance evaluation
method that can quickly provide the uplink SINR

distribution. Also, the proposed method can be used

for readily deriving the user experience SINR value

and the simulation results demonstrate their accuracy.
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Fig. 1. Uplink multicell network model
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Table 1. Uplink Multicell Network Environments
Notation, Description el

A : Base station density [0.2:0.1:1] km?

« : Path loss exponent [2:0.2:6]

n : FPC operation parameter [0:0.1:1]

F, : Reference transmit power [13:2:23] dBm

P Maximum transmit power 23 dBm

B : Bandwidth 0.125 Mhz

0?/B : Noise power per hertz -174 dBm/Hz

A : Path loss at a unit distance® -141.33dB
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