DEBEris

=i 21-46-01-19 The Journal of Korean Institute of Communications and Information Sciences *21-01 Vol.46 No.01
https://doi.org/10.7840/kics.2021.46.1.162

Respiration Classification Based on Logistic Regression Algorithm
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ABSTRACT

In this paper, we propose the approach for classifying a breathing state of human using a learning-based
algorithm. In particular, the experiments acquire respiratory signal in contactless manner. Most previous studies
using bio-signals have used contact based methods that achieve accurate information about respiration.
However, non-contact based methods show more robust performance in real environments that have external
factors such as light, weather and motion artifacts than contact based methods do. In order to classify
respiratory states, the previous work on signal processing techniques focused on the pre-processing of signals
using filters to accomplish specific data types. In this paper, logistic regression and softmax function,
unrestricted learning-based algorithm, are employed to achieve classification results. The experimental results
show promising accuracy of the classification, and the results of classification accuracy increase according to

the increase of the number of iterations of learning process.
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Fig. 1. Procedure of acquisition of respiration data
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