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ABSTRACT

In this paper, we propose a End-to-end Korean speech synthesis system using a reformer network.
Transformer TTS shows high performance among the end-to-end speech synthesis models, but has the memory
inefficiency in the training stage. In order to solve the memory inefficiency, Transformer network was replaced
with the Reformer network. In addition, the imbalance between the spectrogram and the length of the Korean
text sequence had a negative effect on the attention energy estimation. A method of extending the length by
repeating text sequence samples and a method of extending the length by adding connection information
between samples were used. As a result of the experiment, it was confirmed that the speech synthesis system
using the reformer network can be trained with relatively less memory and can generate natural speech using

connection information between text samples.
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