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ABSTRACT

Reflection removal on a single-image has been a significant problem in image processing and computer
vision. To solve this problem, the proposed algorithm defines single-image reflection removal as an
image-to-image translation problem. In image-to-image translation, the conditional generative adversarial network
(CGAN) achieves remarkable performance in various applications. Therefore, the proposed algorithm is based
on CGAN with spatially adaptive de-normalization (SPADE), which solves the wash-away problem due to
normalization layers. In the experimental results, the proposed algorithm shows better performance than the

conventional methods.
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