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ABSTRACT

In this paper, we propose a progressive parallel waveNet and apply it as a generator to parallel waveGAN,
a speech synthesis vocoder, to confirm the performance of the proposed model. Parallel waveNet, a generator
of parallel waveGAN showing high performance in speech synthesis vocoder, requires a lot of GPUs for
training. To solve this problem, the parallel wavenet structure was transformed into a progressive structure
using an up-sampling process of speech. This is a structure that effectively solves the large dimension problem
of the parallel wavenet. In addition, it is a structure that can increase the stability and performance of learning
by gradually estimating a wide frequency band of speech. As a result of the experiment, it was confirmed that
less GPU usage on training and faster inference speed compared to parallel waveGAN, and inference speed
was also faster. Finally, when speech quality was measured as an objective measurement, a slightly improved

result was also confirmed.
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