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ABSTRACT

Artificial intelligence research on music area in MIR(Music Information Retrieval) is being conducted very
actively. This paper aims to recognize the Balim motions, an important component of Pansori, and proposes a
method to automatically classify them from Pansori video. In the proposed method, the region of a singer is
at first detected from every video frame, then the Balim motion is classified based on still image analysis in
the detected region. For detecting singer object we use the transformer-based object detection, which has an
excellent performance with high speed for the uniform size of small number of objects, and then try to
classify Balim motion with skeletal information of key points including the singer’s joint and fan position. Due
to insufficient Pansori Balim motion data, transfer learning using MS COCO data and fine-tuning are
performed. The accuracy of 84.8% has been achieved in the classification of Balim motion largely categorized

into 7 classes.
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Fig. 5. Selection of the keypints on the fan.
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