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ABSTRACT

Non-orthogonal multiple access (NOMA) requires successive interference cancellation at the receiver, but the
optimal decoding order is not easy to find especially when the transmitter has multiple antennas. In this paper,
we use machine learning to implement NOMA in downlink multiple input single output broadcast channels
when data rate for each user is fixed. Our machine learning model finds the optimal decoding order for given

channel states.
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