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ABSTRACT

Various GANs have been recently developed and are being used in wide application areas. In this paper,
we intend to utilize the GAN model to implement a domain transformation system for multi-detailed item on
fashion items. For the purpose, we experimented and implemented StarGAN v2, which is objectively verified
model that can generate images converted to the desired domain style by specifying conditions. Models were
created for each detailed item to minimize labeling of datasets and accurately derive transformation results
according to domains. Using the pretrained image generation model, we derive a result of synthesizing styles
extracted from one image into another image, and we present a plan to allow multiple domains to be
transformed for one image by utilizing all of the models. Similarity between real and generated images is

measured for performance evaluation of each domain transformed by image generation model.
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