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Developing a Trading System for the Stock Market Using
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ABSTRACT

Most of the studies predicting the direction of the stock market have been used structured data. This study
analyzed the sentiment of market participants using unstructured data (news and community data) that were not
previously used and developed an sentiment labeling-based trading system using them. In order to build an
sentiment dictionary suitable for the stock market when constructing an sentiment dictionary, a new sentiment
dictionary was constructed using cosine similarity. News data were used to represent the sensibilities of
individual stocks, and community data were used to represent the sensibilities of individual investors. News
and community data were combined to comprehensively consider individual stock sentiment and individual
investor sentiment. As a result of the experiment, it was confirmed that the sentiment labeling method
performed better than the Up/Down labeling method, which is a method of predicting fluctuations in stock
prices. Through this study, it was confirmed that using sentiment analysis of the market and individual

investors can make excess profits in the stock market.
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Step 1. Building train data. Step 2. Deep learning model predict. Step 3. Building trading system.
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=% Buy/Sell/Hold/No action
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Fig. 1. The framework of the proposed model
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Table 2. Example of a process of generating a trading
signals

Time Label Signal
1 Positive (Up) Buy
2 Negative (Down) Sell
3 Negative (Down) No action
4 Positive (Up) Buy
5 Positive (Up) Holding
6 Negative (Down) Sell
7 Negative (Down) No action
8 Negative (Down) No action
9 Negative (Down) No action
10 Positive (Up) Buy
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