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ABSTRACT

MicroRNAs (miRNAs) are important RNAs that regulate gene expression. Finding associations between
microRNAs and genes can help us understand how microRNAs that are so small and difficult to experiment,
and are also effective in diagnosing a patient’s disease. In this paper, we present a long-short term memory
(LSTM) based deep learning model that predicts the association of microRNAs and genes together with a new
labeling method based on distance measurement of miRNA-gene pairs. The verification test results are

presented. The ROC curve of the deep learning model presented in this study achieved a maximum of 0.95.
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